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Abstract

Abstract

We studies the A FFE#5 1) 8 problem and formalize gap function from the i
K 52 ¥E: and 1i"UCB 2.y to control the number of samples. Using gap functions,
we designed a heuristic UCB-style sample algorithm using a square root gap function
determined from a serial experiment results. We also design short tail stopping condition
and demand sampling scheme to make a heuristic algorithm gain better performance.
Then we test the correctness of the algorithm and the efficiency of the algorithm by

comparing it with some known algorithms in the simulation experiment.

Key words: Best Arm Identification Problem; Heuristic Algorithm
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